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Introduction: In the ever-changing world of financial
transactions, identifying and interpreting anomalies is
crucial for maintaining the integrity, security, and
stability of financial systems. Anomaly detection
systems have traditionally been rule-based or
machine learning based, trained on tabular data.
However, these systems are constrained in their
capacity to identify complex relationships within a
financial transaction network. In recent years, Graph
Neural Networks (GNNs) have redefined anomaly
detection by harnessing the relational structures
present in graph data. This inherent capability to
model complex relationships and dependencies

within this network. This thesis overcame the inherent
scalability limitations of the DOMINANT and CONAD
models by enabling them for outer loop mini-batch
training. However, the study clearly demonstrated the
limitations of these approaches. The two most
significant issues are the lack of explainability in the
results, and the constrained adaptability of state-of-
the-art GNN-based approaches to the underlying
graph.
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